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ABSTRACT

This article investigates the performance of machine learning algorithms in classifying the
severity of pedestrian accidents, taking into account various factors such as weather conditions,
environment, time periods, and accident types. Initialy, feature combinations were optimized
using real-world data from Qom City to improve classification accuracy. The agorithms were
trained on 70% of the data and tested on the remaining 30% to evaluate their effectiveness.
The performance of three popular classification agorithms, including k-Nearest Neighbor,
Decision Tree, and Random Forest, was compared using all features and subsets of features.
The results revealed that the Decision Tree agorithm with all features achieved the highest
performance in classifying the severity of pedestrian accidents. Future studies should examine
the impact of various factors, such as traffic conditions and road features, along with weather
conditions, on pedestrian accidents to enhance the performance of classification algorithmsin
this area.
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